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Abstract: This article presents a mathematical model of the risk of failures, depending on the
operating parameters, of locomotive diesel engines. The purpose of this study is to determine the
risk of failures of locomotive diesel engines in maintenance. The theory of probability and the theory
of logic and reliability are used in this theoretical study. The innovations and main works are the first
approaches to calculating the risk of failures of locomotive diesel engines by hourly fuel consumption,
which, under operational conditions, allows for extending the life of locomotive diesel engines during
maintenance. As a result, a maintenance process for 5D49 diesel engines is developed in a locomotive
depot. When managing the maintenance processes of 5D49 diesel engines in the locomotive depot,
it is determined that the optimal mileage is 45,000 km. The resource of 5D49 diesel engines in the
locomotive depot increased by 2.4% in the management of the maintenance process compared to the
existing maintenance system.

Keywords: maintenance; risk; locomotive diesel engines; management; reliability; probability of
failure-free operation

1. Introduction

During the operation of locomotive diesel engines (LDEs), a natural aging process
occurs, and the number of failures increases [1,2]. Eliminating the effects of a failure in
operation is accompanied by significant costs. It is advisable to use some maintenance
and repair processes to increase the reliability and durability of LDEs. Maintenance and
repair processes consist of a set of targeted technical actions aimed at restoring the nominal
values of LDE technical parameters. At the same time, resource can be restored and the
probability of the failure-free operation of the LDE is increased [1,3,4].

The regulation of the maintenance and repair of LDEs, which work in various and
changing environmental conditions, depending on the average operating time or the
mileage, cannot and does not ensure the good condition of assemblies and mechanisms.
As a result of this regulation, under harsh environmental conditions, LDE assemblies
and mechanisms cannot be serviced and repaired in a timely manner. Therefore, LDEs
operate under the conditions of the intensive wear of parts and work under the intensive
contamination of the corresponding protective devices. Under normal operating conditions
of LDEs, individual repair and maintenance activities are often performed prematurely.
As a result, the working time of LDEs is wasted [5]. In practice, simple maintenance and
repair technology refers to planned activities.

The period of the maintenance and repair of individual LDEs can be determined based
on the probability of a failure-free operation [1,6]. It would be logical to assume that the
maximum information on the change in the technical condition of individual LDEs will
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provide an opportunity to select the optimal combination and algorithm of technical actions
in maintenance and repair systems.

Unfortunately, today, such maintenance and repair systems do not take into account
the current technical resources of components and parts.

Many attempts have been made to address the issue of predicting resources and deter-
mining the timing of the maintenance and repair of engines, depending on the operational
characteristics [4,6–9]. However, this issue has still not been resolved.

The use of diagnostic methods for certain parts, assemblies, or systems of LDEs [7,10–13]
has been proposed for carrying out maintenance and repairs if there is any change in oper-
ational characteristics. However, the diagnostic information obtained about the technical
condition of LDE to predict maintenance and repair timing is based on statistical information
that is constantly changing. In addition, statistical information is collected for the specific
operating conditions of LDEs.

The probability of a failure-free operation can be assessed by considering the risks
that arise during the operation of an LDE [6,12,14–21]. If the risk of failures of an LDE is
determined, then it is possible to build a maintenance system.

Let us present a short review of the literature on this research topic.
In [4,9], a method was presented to predict the durability of an engine based on

measuring the wear of the elements of the piston–ring–cylinder system, and modeling
was also performed. The disadvantage of this method is the need to know the nature and
amount of wear in order to accurately forecast the engine’s durability.

In the works of [7,22–24], it was shown that the most common method of determining
the residual resource of engines, in practice, is the method of mathematical statistics and
probability theory. The disadvantage of this method is that it can only be used to determine
the residual engine resource of the fuel device.

In [13], the service life of the crankshaft bearings of the crankshaft of engines was
determined based on the calculation of the hydromechanical characteristics. The disadvan-
tage of the above study is the absence of a mathematical relationship between the resource
of the engine crankshaft bearings and the hydromechanical characteristics, as well as the
impossibility of applying the method to the entire engine.

In [19], an engine durability assessment algorithm was defined, which may allow
optimizing the maintenance process and engine reliability. However, the authors used only
statistical data and did not provide mathematical relationships to assess durability.

In many works, for example, those of [2,3,25–30], engine oil characteristics were used
to estimate the service resource of car engines. Basically, these studies were intended
to establish the timing of engine maintenance and indirectly allow the assessment or
prediction of engine durability. The disadvantage of this approach is the need for constant
access to the engine to take engine oil samples.

In [7], a simulation model of the repair and diagnostic complex was developed, which
allows for the evaluation of the characteristics of its functioning. Such a model can only
be applied to oilfield facilities. In [31], the basic principles of creating models of complex
systems and a software implementation were presented. This study is applicable only to
complex geographically distributed technical systems. In [32], semi-Markov availability
models with discrete states were constructed. However, the application of this work
is impossible.

It is also known that machine learning systems have been used to predict engine life
and repair times [5,13,20,33–45]. However, all of these methods are very voluminous.

Many attempts have been made to solve the problem of predicting resources and
determining the timing of engine maintenance and repair, depending on operational
characteristics [4,7,9]. However, this problem has still not been resolved.

It should also be noted that there is no approach for the construction of a maintenance
system or for managing the maintenance processes of LDEs based on identifying the
risk of failures.
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In [1,6], studies of the durability of LDEs were given. In this case, the resource is deter-
mined based on the relative and hourly fuel consumption, and the prediction of the dura-
bility of LDEs is made by taking into account the probability of the failure-free operation.

The approaches given in [1,6] will be used in this work.
In [8,12,14–18,21,26,46–49], security systems on the basis of risks were constructed.

These approaches will also be used in this work to determine the risk of failures of diesel
engines to manage maintenance processes in a locomotive depot.

Considering, for example, maintenance and repair systems [50–53], it was found that
hydraulic installations take into account certain operating parameters, which determine
the probability of the failure-free operation.

In modern conditions, in many cases, the organization of the maintenance and repair
processes of LDEs does not adequately correspond to the temporary and technological
content, which leads to premature failures of LDEs. For the timely maintenance of LDEs
in companies and organizations, an information base of indicators should be created.
Such indicators can be the operational parameters of LDEs. Changing the operational
parameters of LDEs in an automatic mode will signal the need to perform appropriate
technical activities. The study presented in the work does not include a consideration of
the load and speed regimes of LDEs.

The technical condition of LDEs affects operational parameters such as hourly fuel
consumption, effective power, torque, etc. However, all operational parameters are quite
difficult or almost impossible to take into account. Hourly fuel consumption can be taken
as the main operational parameter as it is a weighted average. Hourly fuel consumption is
not a momentary indicator. Changing the hourly fuel consumption of LDEs will directly
indicate the technical condition and the need for maintenance. Therefore, this work assumes
the use of hourly fuel consumption as the main indicator to determine the risk of failures of
LDEs. The effective power and torque of LDEs are proportional to hourly fuel consumption.
Therefore, the results of the effective power and torque of LDEs are not presented in
this study.

The purpose of this study is to determine the risk of failures of locomotive diesel
engines in maintenance.

To achieve the goal, it is necessary to build a functional diagram of the control system
to manage LDEs’ maintenance processes and to conduct theoretical and experimental
studies to determine the risk of failures of LDEs during maintenance.

2. Materials and Methods

To manage the maintenance processes of LDEs, we apply the functional diagram of
the control system (Figure 1).
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In Figure 1, Xin represents input control parameters; Xout represents output parame-
ters; F is the perturbation; U is the control signal; m represents the current values of the
operational parameters of a diesel engine; ∆ is the change of the operational parameters of
a diesel engine.

To generate a control signal to manage the maintenance processes U, information on
the operational parameters of a diesel engine m is required.

Let us consider what operational parameters can be used in the management of LDE
maintenance processes.

If the probability of the failure-free operation of LDEs during operation is a continuous
function, it can be represented by the following graphic image (Figure 2) [1,6]. The area on
the graph will determine the need of the maintenance processes of LDEs.
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In Figure 2, L2 represents the mileage at which LDE maintenance should be per-
formed. Therefore, L2 mileage for each LDE is a different value. L1 mileage is preventive
maintenance. Accordingly, L1 mileage for each LDE is a different value.

With a limit value of the probability of a failure-free operation of an LDE, the main-
tenance time can be determined. The area shown in Figure 2 shows the possibility of
increasing the probability of a failure-free operation of an LDE almost to the initial value
when carrying out maintenance or technical interventions. This increases the reliability and
durability of LDEs and reduces the risk of failures during operation.

To determine the maintenance period, which is located in the shaded area (Figure 3),
it is necessary to have information about the technical condition of LDEs.

The impact of maintenance and repair on the probability of the failure-free operation
of LDEs during operation is presented in Figure 3.

Figure 3 shows a graphical interpretation of a decrease in the probability of the failure-
free operation of LDE when it is time to perform maintenance and repair operations. The
figure shows points 1, 3, 5, 7, 9, and 11. The restoration points for the probability of the
failure-free operation of an LDE during maintenance include 2, 4, 6, 8, 10. The restoration
of the probability of the failure-free operation of an LDE during repair is given as point 12.
Such a picture is possible provided that the maintenance and repair will be carried out in
full and will be performed well. The change in the probability of the failure-free operation
of LDEs clearly shows the importance of the maintenance and repair systems for reliability
and the possibility of reducing the risk of failures.
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When the limiting condition is reached (for example, at maintenance (point 1)) and
when technical actions are performed in full, the probability of the failure-free operation of
LDEs increases, as shown with point 2.

In the case of non-maintenance or a low-quality performance of work, the possibility
of the failure-free operation of LDEs in operation is reduced, for example, from point 1 to
point 3, 5, etc.

The dependence, shown in Figure 3, indicates the need for maintenance and repair in
order to restore the probability of the failure-free operation of LDEs. Maintenance and repair
systems provide a slow decrease in the probability of the failure-free operation of LDEs
and, accordingly, slow down the occurrence of the limit condition of the engine systems.

Carrying out engine repairs (point 11) allows restoring the probability of the failure-
free operation almost to its original technical condition (point 12). Figure 3 shows the
interpretation of the repair processes (points 11 and 12), taking into account the recovery
factor of an LDE.

The mathematical expression of the probability of the failure-free operation of LDEs
before repair (point 11), taking into account the performance of maintenance and with a
discrete distribution, will have the following form:

Pr = (Psv − ∆P · L) · RF, (1)

where Psv is the established value of the probability of the failure-free operation of LDEs at
the beginning of operation; ∆P is the decrease in the probability of the failure-free operation
of LDEs per 10,000 km of mileage; L is the mileage of an LDE; RF is the recovery factor
after repair.

The recovery factor in Formula (1) will be the value after repair of an LDE. During
maintenance of an LDE, RF has no effect on the probability of the failure-free operation.

In this case, the condition of carrying out LDE repair must be observed as

Pr ≥ Pbv,

where Psv is the boundary value of the probability of the failure-free operation of LDEs to
establish the time of repair.

A timely maintenance schedule increases the probability of downtime and the dura-
bility of LDEs. Operational parameters are indicators of changes in the technical condi-
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tion of LDEs. The indicator can be evaluated based on the determination of the risk of
failures of LDEs.

The technical condition of LDEs affects operational parameters such as hourly fuel
consumption, effective power, torque, etc. In this work, hourly fuel consumption (m) is
taken as an indicator of the operational parameters of LDEs.

Experimental dependence of hourly fuel consumption of 5D49 diesel engines on the
probability of failure-free operation is shown Figure 4.
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Using the experimental data (Figure 4), the dependence of hourly fuel consumption
on the probability of the failure-free operation of LDEs is shown in Figure 5.
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According to Figure 5, the average value of the risk of failures of LDEs by hourly
fuel consumption, depending on the probability of the failure-free operation, has the
following form:

RG =
1

Gnom

 Gmax∫
Gnom

Psv∫
0

G(P)dGdP +

Gnom∫
Gmin

Psv∫
0

dGdP

, (2)

where G(P) is a function of hourly fuel consumption on the probability of the failure-free
operation of LDEs; Gmax and Gmin are maximum and minimum hourly fuel consumption;
Gnom is hourly fuel consumption of LDE during the nominal mode.

For the dependence of hourly fuel consumption on the probability of the failure-free
operation of LDEs (Figure 5), the risk zones are presented in Figure 6.
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Figure 6 shows the risk areas marked in green, yellow, and red. Green indicates a
low-risk area. The area of acceptable risk is indicated in yellow. The critical-risk area is
marked in red. The same designation for the risk zones will be used in other figures.

According to the designated areas in Figure 6, it is proposed to assess the risk of failures
of LDEs for the indicator of hourly fuel consumption using the following expressions:

• Low risk:

Rl
G =

1
Gnom

Psv∫
Pbv

Gnom∫
Gmin

dGdP. (3)

• Acceptable risk:

Ra
G =

1
Gnom

Psv∫
Pbv

Gmax∫
Gnom

G(P)dGdP. (4)

• Critical risk:
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Rc
G =

1
Gnom

Pbv∫
0

Gmax∫
Gmin

G(P)dGdP. (5)

If the value of Pbv is equal to Pr, on the basis of expression (1), we can write:

• Low risk:

Rl
G =

1
Gnom

(Gnom − Gmin) · ∆P · L. (6)

• Acceptable risk:

Ra
G =

1
Gnom

(Gmax − Gnom)

∆P·L∫
0

G(P)dP. (7)

• Critical risk:

Rc
G =

1
Gnom

(Gmax − Gmin)

Psv∫
∆P·L

G(P)dP. (8)

Based on the above mathematical models, a comprehensive assessment of the risk of
failures can be performed using the risk indicator of hourly fuel consumption of LDEs.

3. Results

The methodological results of the study on determining the risk of failures of LDEs
allow us to proceed to the presentation of the results of theoretical and experimental studies.
At the same time, the theoretical and experimental studies were carried out to determine
the risk of failures of 5D49 diesel engines.

For expressions (6)–(8), the risk of failures of 5D49 diesel engines are given depending
on the mileage by hourly fuel consumption (Figure 7). In this case, the function G(P) is
treated as a linear function.
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The theoretical study (Figure 7) confirms the methodological result. So, the critical risk
of 5D49 diesel engines at 50,000 km is 0.056, the acceptable risk is 0.047, and the low risk
is 0.021.

When conducting the experimental study, the hourly fuel consumption of 5D49 diesel
engines was monitored using the on-board system of a locomotive. An example of data
from the on-board system of a locomotive is shown in Figure 8.
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Furthermore, from the obtained data, hourly fuel consumption, Gmax and Gmin, has
been determined. Further, in accordance with the methodological assumptions, the risk of
failures of LDEs is calculated.

For eight tested 5D49 diesel engines in a locomotive depot (Ukraine), depending
on hourly fuel consumption, the experimental results of the risk of failures are shown
in Figure 9. Based on the measured values of hourly fuel consumption, it is necessary to
calculate the risk of failures of LDEs similarly to expressions (6)–(8). In this case, changes
in the technical condition of LDEs have been represented by a continuous value. Hourly
fuel consumption of 5D49 diesel engines during the nominal mode is Gnom = 620.4 kg/h.
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The theoretical results (Figure 7) and the experimental results (Figure 9) of the risk of
failures of 5D49 diesel engines in terms of hourly fuel consumption are similar in nature.
However, the critical risk for theoretical and experimental results on a mileage of up to
50,000 km differs by 6.7%. Despite such a big difference, the approach to determining the
risk of failures of LDEs is adequate as it takes into account the change in the technical
condition of the engine systems. For the rest of the LDEs’ mileages, the difference in critical
risk did not exceed 12.5%.

In order to compare the theoretical and experimental results, statistical treatment was
carried out. The correlation coefficient and the square of the Pearson correlation coefficient
have been determined. An F test has been performed according to the Fisher criterion. The
results are presented in Table 1.

Table 1. Results of mathematical and statistical elaboration of theoretical and experimental results.

Risk Correlation Coefficient Pearson Squared
Correlation Coefficient F-Test

Low 0.8529 0.7274 0.9723
Acceptable 0.9404 0.8844 0.7377

Critical 0.7588 0.5758 0.8295

The obtained results indicate an acceptable convergence of the results of the theoretical
and experimental research. It can be concluded that the results of the theoretical and
experimental research are adequate. Xin = 30,000 km has been taken as the input param-
eter to manage the maintenance process. Under the impact on the maintenance system,
F = 1000 km, as a result of the maintenance process management, the output parameter
Xout = 45,000 km has been obtained. The load and speed modes of 5D49 diesel engines
must remain without overloads. Short-term overloads of 5D49 diesel engines cannot be
longer than 22 s.

According to the risk of failure expressions (6)–(8), Figure 10 shows the maintenance
system and the risk of failures of 5D49 diesel engines.
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Figure 10. Theoretical maintenance system and the risk of failures of 5D49 diesel engines depending
on the mileage.

In the theoretical maintenance system, the risk of failures of the 5D49 diesel en-
gines according to the indicator of hourly fuel consumption (Figure 10) for the mileage of
1,485,000 km are as follows: low risk is 0.00825, acceptable risk is 0.0198, and critical risk
is 0.036.
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The maintenance system and the risk of failures of 5D49 diesel engines have been
experimentally tested. The maximum risk of failures for four LDEs according to the hourly
fuel consumption did not exceed 0.04 in the range of 1,460,000–1,500,000 km. This risk
value corresponded to the need to repair four LDEs.

The theoretical values of the resources of LDEs (Figure 10) differ from the experimental
results by 15–30,000 km. The theoretical values of the low and acceptable risk of failures of
LDEs differ from the experimental results since the hourly fuel consumption in operation
differs from the theoretical calculations.

The presented results of the theoretical and experimental studies confirm the method-
ological premises for determining the risk of failures of LDEs.

4. Discussion

Since the operational parameters of LDEs affect their technical condition and it is
rather difficult or almost impossible to take into account all operational parameters, hourly
fuel consumption has been taken as the main operational parameter in this work. Hourly
fuel consumption is not a momentary indicator, and the value of hourly fuel consumption
is a weighted average. A change in an LDE’s hourly fuel consumption indicates the need
for maintenance. Therefore, in this work, it was proposed to use hourly fuel consumption
as a main indicator for determining the risk of failures of LDEs.

Based on the proposed functional diagram of the control system to manage the mainte-
nance processes of LDEs (Figure 1), in this work, a mathematical model has been proposed
to determine the risk of failures of LDEs by hourly fuel consumption. This mathematical
model allows you to determine the time required to manage the maintenance processes
of diesel engines. The practical results correlate with the theoretical dependencies and
confirm the effectiveness of the proposed approaches to determining the risk of failures of
LDEs by hourly fuel consumption.

The reviewed scientific works did not determine the risk of failures of LDEs on
the basis of hourly fuel consumption during operation. Thus, the contribution of this
study lies in the fact that it proposes, for the first time, approaches for determining the
risk of failures of LDEs according to hourly fuel consumption during maintenance. The
theoretical dependence of the risk of failures of 5D49 diesel engines on the mileage by
hourly fuel consumption (Figure 7) and the experimental results (Figure 9) for the mileage
of 45,000 km correspond. It should be noted that between the dependencies there is a
practical convergence of the theoretical and practical results for the low and acceptable
risks. The experimental results of critical risk (Figure 9), starting from the mileage of
8000 km, increase to 0.013 and continue to increase. The theoretical dependence of critical
risk (Figure 7) is a smooth increase and may result from the assumed linear dependence,
which, in practice, has a different course. Nevertheless, this algorithm for determining the
risk of failures of LDEs by hourly fuel consumption depending on the mileage can be used
in practice to determine the timing of maintenance and repair.

Managing the maintenance processes of 5D49 diesel engines has a technical impact on
the mileage of 45,000 km. The repair of 5D49 diesel engines should be carried out at the
mileage of 1,485,000 km according to hourly fuel consumption, which corresponds to the
value of the risk of failures—0.036.

The resource of 5D49 diesel engines in the locomotive depot increased by 2.4%
in the resulting management of the maintenance processes compared to the existing
maintenance processes.

5. Conclusions

This article presents the results of a theoretical and experimental study to determine
the risk of failures of LDEs during maintenance.

The technical condition of LDEs affects the operational parameters, and it is rather
difficult or almost impossible to take into account all operational parameters. In this work,
hourly fuel consumption has been taken as the main operational parameter since the value
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of hourly fuel consumption of LDEs is a weighted average value. The change in the hourly
fuel consumption of LDEs has an impact on the maintenance system.

Theoretical research allowed us to obtain a mathematical model of the risk of failures
of LDEs based on hourly fuel consumption. The experimental results confirmed the
desirability of applying theoretical premises.

The novelty of this work is the first proposed method for determining the risk of
failures of LDEs according to hourly fuel consumption. Based on this approach, under
operating conditions, it is possible to extend the service life of LDEs during maintenance.

As a result of determining the risk of failures of the 5D49 diesel engine, it was found
that the optimal maintenance mileage is 45,000 km. At the same time, the service life of
the overhaul increases by 2.4%. The potential cost savings associated with the use of the
proposed method for determining the risk of failures of 5D49 diesel engines according to
hourly fuel consumption in order to manage the maintenance processes of diesel engines
can amount to 2.4–5% of the operating costs.

From the standpoint of the scientific–theoretical component of the obtained results
of determining the risk of failures of LDEs during maintenance, the results are useful.
These results can be useful for organizing maintenance operations. Using a mathematical
model of the risk of failures of LDEs based on hourly fuel consumption for organizing
maintenance operations, it is possible to construct a maintenance system for LDEs of other
groups. At the same time, it is necessary to conduct experimental studies of hourly fuel
consumption on existing engines in order to determine the mileage at which maintenance
should be carried out.

In the future, it is planned to consider the impact of additional operational and
technical parameters of LDEs on the probability of failure-free operation.
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Cavity Filling Conditions on the Casting Surface Quality. Arch. Foundry Eng. 2016, 16, 222–226. [CrossRef]

28. Tupaj, M.; Orłowicz, A.; Mróz, M.; Trytek, A.; Dolata, A.; Dziedzic, A. A Study on Material Properties of Intermetallic Phases in a
Multicomponent Hypereutectic Al-Si Alloy with the Use of Nanoindentation Testing. Materials 2020, 13, 5612. [CrossRef]

29. Tupaj, M.; Orłowicz, A.; Mróz, M.; Trytek, A.; Markowska, O. The Effect of Cooling Rate on Properties of Intermetallic Phase in a
Complex Al-Si Alloy. Arch. Foundry Eng. 2016, 16, 125–128. [CrossRef]

30. Tupaj, M.; Orłowicz, A.; Mróz, M.; Trytek, A.; Markowska, O. Usable Properties of AlSi7Mg Alloy after Sodium or Strontium
Modification. Arch. Foundry Eng. 2016, 16, 129–132. [CrossRef]

31. Abu-Abed, F.N.; Martynov, D.V.; Ivanova, A.V.; Dopira, R.V.; Kordyukov, R.Y. Simulation model performance evaluation of
repair-diagnostic complex. ARPN J. Eng. Appl. Sci. 2016, 11, 9636–9645.

32. Ivanchenko, O.; Kharchenko, V. Semi-Markov availability models for an infrastructure as a service cloud with multiple pools.
CEUR Workshop Proc. 2016, 1614, 349–360.

33. Armiño, C.; Manzanedo, M.; Herrero, Á. Studying Road Transportation Demand in the Spanish Industrial Sector Through k-Means
Clustering. In Proceedings of the 13th International Conference on Soft Computing Models in Industrial and Environmental
Applications, Seville, Spain, 13–15 May 2019; pp. 387–396.

34. Azizi, M.; Rahimi, H.; Arefkhani, H.; Kashani, A. A new approach to assess safety performance of rail regions with an emphasis
on the resources and equipment of each region. J. Rail Transp. Plan. Manag. 2023, 25, 100371.

35. Chmielowiec, A. Algorithm for error-free determination of the variance of all contiguous subsequences and fixed-length
contiguous subsequences for a sequence of industrial measurement data. Comput. Stat. 2021, 36, 2813–2840. [CrossRef]

36. Chmielowiec, A.; Litwin, P. Efficient Inverted Index Compression Algorithm Characterized by Faster Decompression Compared
with the Golomb-Rice Algorithm. Entropy 2021, 23, 296. [CrossRef] [PubMed]

37. Emad, M.; Parinaz, J.; Ming-Fung, F.S.; Simaan, A.R. Data-Driven Simulation-Based Model for Planning Roadway Operation and
Maintenance Projects. In Proceedings of the 2017 Winter Simulation Conference (WSC’17), Las Vegas, NV, USA, 3–6 December
2017; Volume 272, p. 12.

38. Esmaeeli, N.; Sattari, F.; Lefsrud, L.; Macciotta, R. Assessing the Risks Associated with the Canadian Railway System Using a
Safety Risk Model Approach. Transp. Res. Rec. J. Transp. Res. Board 2023. [CrossRef]

https://doi.org/10.1002/qre.1738
https://doi.org/10.1016/j.proeng.2017.10.545
https://doi.org/10.1051/matecconf/201815704002
https://doi.org/10.1016/B978-0-12-820269-2.00008-1
https://doi.org/10.3390/en15010042
https://doi.org/10.21008/j.2449-920X.2016.68.4.06
https://doi.org/10.3390/en15010122
https://doi.org/10.3390/coatings11010060
https://doi.org/10.1515/afe-2016-0113
https://doi.org/10.3390/ma13245612
https://doi.org/10.1515/afe-2016-0063
https://doi.org/10.1515/afe-2016-0064
https://doi.org/10.1007/s00180-021-01096-1
https://doi.org/10.3390/e23030296
https://www.ncbi.nlm.nih.gov/pubmed/33671035
https://doi.org/10.1177/03611981231176549


Energies 2023, 16, 4995 14 of 14

39. Lin, C.; Blumenfeld, M.; Gerstein, T.; Barkan, C.; Jack, A.; Abdurrahman, U. International benchmarking of railroad safety data
systems and performance—A cross-continental case study. J. Rail Transp. Plan. Manag. 2023, 26, 100384. [CrossRef]

40. Plekhanov, P.A.; Roenkov, D.N.; Bogdanova, E.S.; Kochergin, V.I. Determining the Useful Life of Link Circuits in Railway
Transport Using a Risk-Based Approach. Transp. Res. Procedia 2023, 68, 596–603. [CrossRef]

41. Rashidnejad, M.; Ebrahimnejad, S.; Safari, J. A biobjective model of preventive maintenance planning in distributed systems
considering vehicle routing problem. Comput. Ind. Eng. 2018, 120, 360–381. [CrossRef]

42. Ren, Z.; Wan, J.; Deng, P. Machine-Learning-Driven Digital Twin for Lifecycle Management of Complex Equipment. IEEE Trans.
Emerg. Top. Comput. 2022, 10, 9–22. [CrossRef]

43. Wei, L.; Chen, S.; Sun, X.; Jin, Y.; Jia, D.; Li, J.; Duan, H. Study on comprehensive degradation stability of special and nonspecific
motor oils. Lubr. Sci. 2020, 33, 92–99. [CrossRef]

44. Wei, L.; Duan, H.; Jin, Y.; Jia, D.; Cheng, B.; Liu, J.; Li, J. Motor oil degradation during urban cycle road tests. Friction 2020,
9, 1002–1011. [CrossRef]

45. Zahid, H.; Rizwana, K.; Abdul, R.B. Profiling drivers based on driver dependent vehicle driving features. Appl. Intell. 2016,
44, 645–664.

46. Consilvio, A.; Febbraro, A.D.; Sacco, N. A Rolling-Horizon Approach for Predictive Maintenance Planning to Reduce the Risk of
Rail Service Disruptions. IEEE Trans. Reliab. 2021, 70, 875–886. [CrossRef]

47. Figueres Esteban, M.; Hughes, P.; Gulijk, C. Big Data for Risk Analysis: The future of safe railways. In Proceedings of the XII
Congreso de Ingeniería del Transporte, Valencia, Spain, 7–9 June 2016; pp. 347–353.

48. Gandomi, A.; Haider, M. Beyond the hype: Big data concepts, methods, and analytics. Int. J. Inf. Manag. 2015, 35, 137–144.
[CrossRef]
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